
National Conference in Emerging Computer Applications (NCECA2019) 

 

Emerging Trends in Engineering Research ISBN-978-93-5267-349-0  41 

 

A NOVEL APPROACH FOR IMAGE 

COMPARISON USING OPENCV 

PYTHON 
 

Jomiya John1, Akhil Murali2, Ashwin Mathew3, Ms.Lisha Varghese4 

 

123 PG Scholars Amal Jyothi College of Engineering. 
4 Assistant Professor, Amal Jyothi College of Engineering. 

 
 

Abstract: In this paper, a methodology is 

proposed to improve the image comparison by 

consolidating picture preparing which 

comprises in separating huge   characters from 

the picture and arrangement by a multilayer 

perceptron which utilizes the past parameters as 

information. The point of this paper is to grow 

such an instrument which accepts an Image as 

information and concentrate characters from it. 

The Image can be of manually written archive 

or Printed record. It tends to be utilized as a 

type of information passage from printed 

records. The picture handling step is portrayed 

by the characteristic highlights of handwriting.  

 

Keywords:Handwriting Recognition, OpenCV, 

Feature extraction, Classification Algorithm  

 

I. INTRODUCTION 

 

Web based handwriting acknowledgment[7] is one 

of the exceptionally mind boggling and testing 

issues due to inconstancy on size, composing style 

of hand-printed characters and copy pixels brought 

about by a faltering recorded as a hard copy or 

introduce non-contiguous sequential pixels brought 

about by quick composition. Picture 

acknowledgment is a term for PC advancements 

that can perceive certain individuals, creatures, 

objects or other focused on subjects using 

calculations and AI ideas. The expression "picture 

acknowledgment" is associated with "PC vision. 

Most endeavors have been committed to the 

acknowledgment of separated manually written 

furthermore, printed  

 

 

characters with generally perceived victories. 

Picture correlation is essentially pixel-by-pixel 

examination, not all that much. Every single pixel 

shading in the base picture is contrasted with the 

proportionate pixel in the checkpoint picture. On 

the off chance that all pixel hues coordinate the two 

pictures are indistinguishable. The shot of this 

system working faultlessly is extremely thin. 

Hence, picture examination apparatuses give the 

client parameters to modify, for example, 

pixel/shading resistance, which is the quantity of 

pixels that are permitted to vary between the two 

pictures. Likeness is a relationship that holds 

between two perceptual or calculated items. The 

exchange here will be confined to closeness 

considered as the perceptual similarity of items to 

each other.  

 

How those examination levels change:  

 

1.Exact: pixel-to-pixel correlation.  

 

2.Strict: looks at everything including (content), 

textual styles, format, hues and position of every 

one of the components. Exacting knows to 

disregard rendering changes that are not obvious to 

individuals.  

 

3.Content: works along these lines to Strict aside 

from the way that it overlooks hues.  

 

4.Layout: looks at the designs of the pattern and 

genuine pictures. It approves the arrangement and 

relative position of all components on the page, for 

example, catches, menus, content territories, 

sections, pictures, and segments. It overlooks the 

substance, shading and other style changes between 

the pages. 

 

 

II. LITERATURE REVIEW 

 

A.I. Al-Shoshan[1] uses an improvement of 

programmed signature characterization framework 

is proposed. We have displayed disconnected and 

online mark check framework, in view of the mark 

invariants and its dynamic highlights. The proposed 

framework fragments every mark dependent on its 

perceptually significant focuses and afterward, for 

each section, figures various highlights that are 

scale, revolution and dislodging invariant.  

 

 Marinai et al[2] uses  the most noteworthy issues 

in the region of disconnected report picture 

preparing, where connectionist-based 

methodologies have been connected. Similitudes 

https://ieeexplore.ieee.org/author/38284745600
https://ieeexplore.ieee.org/author/37275943000
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and contrasts between methodologies having a 

place with various classes are talked about.  

 

Kusetogullari  et al[3] uses Gaussian Mixture 

Model and k-implies grouping another 

methodology is proposed to improve the 

penmanship picture by utilizing learning-based 

windowing contrast upgrade and Gaussian Mixture 

Model (GMM).  

 

Verma  et al[5] presents a feature extraction 

technique for online handwriting recognition. The 

technique incorporates many characteristics of 

handwritten characters based on structural, 

directional and zoning information and combines 

them to create a single global feature vector. 

 

Graves et al[6]proposes an alternative approach 

based on a novel type of recurrent neural network, 

specifically designed for sequence labeling tasks 

where the data is hard to segment and contains 

long-range bidirectional interdependencies 

 

III. IMPLEMENTATION 

 

This paper depends on Machine learning, that give 

a ton of informational index as an Input to the 

product which will be perceived by the machine 

and comparative example will be taken out from 

them.  

 

A great deal of research is going on this item and 

which is as yet going on. Research zones 

incorporate picture handling, common language  

 

preparing, computerized reasoning and AI. The 

Implementation of such a device relies upon two 

variables – Feature extraction and classification 

algorithm. 

 

The Feature extraction joins numerous attributes of 

transcribed characters dependent on basic, 

directional and zoning data and consolidates them 

to make a solitary worldwide component vector. 

The system is autonomous to character size and it 

can remove highlights from the crude information  

without resizing.  

 

Classification Algorithm is a managed learning 

approach in which the PC program gains from the 

information input given to it and after that utilizes 

this figuring out how to group new perception. This 

informational collection may just be bi-class or it 

might be multi-class as well. The kinds of grouping 

calculations in Machine Learning comprises of  

 

1.Linear Classifiers: Logistic Regression, Naive 

Bayes Classifier  

 

2. Support Vector Machines  

 

3. Decision Trees  

 

4. Boosted Trees  

 

5. Random Forest  

 

6. Neural Networks  

 

7. Nearest Neighbor  

 

 
 

A Naive Bayes classifier expect that the nearness of 

a specific element in a class is unrelated to the 

nearness of some other element.  

 

The goal of logistic regression is to find the best 

fitting model to describe the relationship between 

the dichotomous characteristic of interest and a set 

of independent variables. 

 

Decision tree builds classification or regression 

models in the form of a tree structure. It breaks 

down a data set into smaller and smaller subsets 

while at the same time an associated decision tree is 

incrementally developed. The final result is a tree 

with decision nodes and leaf nodes. A decision node 

has two or more branches and a leaf node represents 

a classification or decision 

 

Random forests or random decision forests are an 

ensemble learning method for classification, 

regression and other tasks, that operate by 

constructing a multitude of decision trees at training 

time and outputting the class that is the mode of the 

classes or mean prediction  of the individual trees. 

 

A neural network consists of units , arranged in 

layers, which convert an input vector into some 

output. Each unit takes an input, applies a  function 

to it and then passes the output on to the next layer, 

a unit feeds its output to all the units on the next 

layer, but there is no feedback to the previous layer. 

 

The k-nearest-neighbors algorithm is a classification 

algorithm, and it is supervised: it takes a bunch of 

labelled points and uses them to learn how to label 

other points. To label a new point, it looks at the 

labelled points closest to that new point , and has 

those neighbors vote, so whichever label the most of 

the neighbors have is the label for the new point  
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IV. IMPLEMENTATION METHOD 

 

Choosing which programming dialects that ought 

to be utilized for the tests, can be comprehended by 

utilizing Python. This made it characteristic to pick 

Python as our essential language for this 

proposition, Mainly the way that Python is single 

strung as a matter of course, otherwise called the 

GIL, Global Interpreter Lock. This have compelled 

us somewhat, however it is for the most part 

affecting the startup time of the test when perusing 

pictures from plate. The genuine calculation that 

are finished utilizing OpenCV utilizes the C-

expansions for OpenCV, which thus makes the 

calculation autonomous from the GIL.  

 

difference = cv2.subtract(original, duplicate) 

b, g, r = cv2.split(difference) 
 

Subsequently in our paper Image examination can 

be done dependent on the handwriting by  

methods for highlight extraction and arrangement 

calculation instead of RGB shading, histogram, 

pixel to pixel esteem, power esteems, channels 

etc.In absolute the distinction between the pictures 

will be determined for the correlation and result 

will be created as whether the pictures are totally 

equivalent or not. 

 

V. CONCLUSION 

The Execution relies upon numerous components 

including high precision, low run time, low 

memory prerequisites and sensible preparing time. 

As PC innovation improves, bigger limit recognizer 

become practical. Thus bigger preparing sets will 

be utilized and the resultant yield will be higher 

than the current works. 

VI. FUTURE WORK 

This paper is a preview of continuous work. 

Althuogh , anticipate proceeded with changes in all 

parts of acknowledgement and 

correlation,innovation. There are a few ends that 

are probably going to stay substantial for at some 

point. 
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